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Visual analysis of artificial intelligence research in critical care medicine based on WOS
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Abstract: Objective To analyze the hot spots and trends of artificial intelligence research in the field of critical
care medicine. Methods Computer search of the core collection of Web of Science database was conducted to retrieve
literature related to artificial intelligence and critical care medicine. CiteSpace and VOSviewer were used to visualize and
analyze the retrieved literature. Results The literature on artificial intelligence research in the field of critical care med-
icine was retrieved as 2 593 articles. The overall number of publications in the literature of artificial intelligence in criti-
cal care medicine increased year by year,with a faster growth rate after 2019. The countries and institutions with the
highest number of publications were the United States and MIT, respectively,and the most common keywords for arti-
ficial intelligence in critical care medicine included machine learning, mortality, mechanical ventilation, sepsis and acute
kidney injury. Conclusion The application of artificial intelligence in the field of critical care medicine has entered a
new phase, and machine learning, clinical decision making, prognosis prediction and complication prevention are hot
spots and preoccupations of research.
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